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Abstract: A* algorithm is one of the important and commonly used algorithms in path planning of robots. In large
map with complex terrain, large-scale node expansion is needed in A* algorithm to find a feasible optimization path in the
case of invisibility between path points. This leads to a sharp increase in the demand for storage space and a decrease in run-
ning efficiency of the algorithm. To solve low-level path planning problems based on CBS(Conflict-Based Search) frame-
work, an A* path planning algorithm with low node expansion is proposed. Triangulation method and fixed obstacle pro-
cessing method are introduced to obtain an optimized path that is visible to adjacent points. Moreover, a segmentation strate-
gy is proposed based on integrated visibility optimization to plan the segmented path according to the adjacent visible points
with dynamic collision processing ability. Simulation experiments on standard map data sets under complex terrain show
that the path length of the proposed algorithm in this paper is 98.1%~102.2% as long as that of A* algorithm, compared
with which, the amount of node expansion reduces by 85.4% and the running time of algorithm reduces by 58.1%.
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